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Torsten Wiesel (1924-)

David Hubel (1926-2013)



Mean number of syllables

Sleep favors memory consolidation
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Dave & Margoliash (2000) Science 290:812-816
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Chronic extracellular recordings with multielectrode arrays

Anterior Posterior
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Probability Densities

Neuronal ensemble
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Hebb proposed that new memories are encoded by sequences of
distributed neuronal assemblies that emerge during novel experience
through firing synchronization.
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